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ABSTRACT  

The South African universities have come under increasing pressure to cope with high student 

failure, high dropout rates and longer completion time. In particular, some at-risk students who 

are in the early years of their undergraduate studies experience greater jeopardy of being 

unsuccessful academically due to a wide range of academic and non-academic reasons. To 

address the former reasons, early academic interventions are needed, yet there are hardly South 

African studies that comprehensively examine the impact of these interventions. To fill the existing 

research gaps, this study investigated the effect of special academic interventions in two 

quantitative high-priority modules at the commerce faculty of a South African historically 

advantaged university. 

The empirical findings showed that whilst the students who were not identified as the at-risk 

ones enjoyed greater likelihood of passing the two modules under study, the academic 

interventions were successful to some extent that certain groups of at-risk students experienced 

a relatively high pass rate while other groups of at-risk students still suffered lower pass rate. 

These latter groups of students were primarily Africans who enrolled in the 4-year extended 

curriculum program with Mathematical Literacy in Grade 12. These students were also associated 

with a lower frequency of visiting the e-teaching course sites. 
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INTRODUCTION 
The South African higher education system has been experiencing rapid growth in recent years, 

as evidenced by the fact that the number of registered students more than doubled in size from 

495 000 at the advent of democracy in 1994 to over one million in 2019 (Van Zyl, Dampier 

and Ngwenya, 2020). In particular, black students’ share of total registered students grew from 

55 per cent in 1994 to 81 per cent in 2011 (Lewin and Mawoyo, 2014), before increasing further 

to 85 per cent in 2017 (Essop, 2020). 

However, only about 30 per cent and 50 per cent undergraduate three-year and four-year 

program students, respectively, completed their studies within the minimum prescribed period. 

Moreover, about half of the students enrolling at tertiary institutions eventually completed their 

studies, while a high proportion of 58 per cent of students pursuing studies at contact-based 

institutions spent an additional two years to finish their studies (Lewin and Mawoyo, 2014; 

Murray, 2014; Essop, 2020). Hence, South African universities have come under increasing 

pressure to cope with high student failure, high dropout rates and longer completion time. 

The fact that students passed their Grade 12 (Matric) exams and later were accepted for 

tertiary-level studies does not necessarily mean they are all academically competent for success 

at university, because university studies require a different set of learning skills (Mayet, 2016). 

In fact, students enter universities with contrasting levels of academic preparedness from high 

schools; this level of preparedness along with a wide range of factors determine their academic 

success, retention and throughput, especially in their first-year of enrolment. These factors 

include, amongst others, academic and social adjustment, motivation and feedback, socio-

economic backgrounds, medium of instruction, poor time management skills, struggle to cope 

with university learning and assessment workloads (Mngomezulu, 2014; Zulu, 2008). Thus, 

students who are under-prepared for university studies are more likely to drop out without 

completing their qualifications. 

At-risk students stand for those who are in jeopardy of being unsuccessful academically 

and in danger of not completing their degrees in the required time (Mngomezulu, 2014). These 

at-risk students are quite different from self-regulated learners who approach their academic 

work with confidence and diligence, and are behaviourally and motivationally active 

participants in their own learning (Porter and Parkinson, 2010). In addition, students who 

failed, barely passed or performed worse than expected in assessments early in the semester. 
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They are also the ones who are more likely to suffer a loss of confidence. Thus, early 

identification of and intervention on these at-risk students are crucial to ensure better future 

academic outcomes. 

It is even argued that some higher education institutions themselves are also under-

prepared to cope with the enrolled students, because of the growing diversity of students being 

admitted into university (Mayet, 2016: 2). Given the importance to close the gap between 

racially and socio-economically disadvantaged and advantaged learners, as well as reduce 

dropout and failure rates, it is imperative that universities need to design intervention strategies 

by identifying at-risk students on time, designing and implementing appropriate intervention 

programmes, as well as evaluating the impact of these interventions (Van Zyl et al., 2020). 

Focusing on the Faculty of Economic and Management Sciences (EMS) at the University 

of the Western Cape (UWC) which is a historically disadvantaged institution (HDI), during the 

2017 academic year, using the students’ academic performance data available on the Marks 

Administration System (MAS) and Student Administration System Integration (SASI) portal, 

a total of six at-risk or high-priority modules (HPMs) were identified. Based on data for On 

Time Completion (OTC) of the 2019 student cohort, the EMS faculty was amongst the faculties 

where students took longer to complete. Just under 50 per cent completed on time, compared 

to one of the other faculties with a 74.4 per cent completion rate. An analysis of the data per 

module puts the faculty amongst the faculties with the highest number of HPMs, according to 

data for the 2023 academic year (UWC Business Intelligence Unit, 2023). Given this 

background, the faculty introduced additional academic support mechanisms (to be discussed 

later) as special intervention for at-risk students, with the primary aim of identifying them and 

providing extra academic support early in the semester to help improve their academic success. 

At the time of writing, it has been five years since these interventions have been taking 

place, (the first intervention was introduced in 2019). Therefore, it is important to investigate 

the effects of the intervention and whether it improved students’ academic performance. Thus, 

the research question of this study is: What has been happening to the academic success of 

students who enrolled in the HPMs (in this study, we would focus on two highly quantitative 

modules, to be explained in greater detail later) that involved the provision of additional 

academic support or special interventions? The specific research objectives are as follows: 

• Distinguish the students who took part in the special intervention academic support 

activities (i.e. at-risk students) from those who did not. 

• Compare the characteristics of these two groups of students. 
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• Investigate, with the aid of descriptive and econometric analysis, whether the at-risk 

students achieved academic success in the modules under study. 

 

LITERTURE REVIEW 
Theoretical Framework 
Numerous theories are relevant to this research study. First, the Tinto (1975) student integration 

model argues that students’ social integration improves their institutional commitment which 

subsequently helps reduce dropout rates. According to this theory, students’ pre-entry attributes 

(e.g. family background, prior schooling before post-secondary education), experiences with 

the tertiary institution with regard to both the academic system (interaction with staff, academic 

results) and social system (peer group interaction and extra-curricular activities), as well as 

how academic and social integration takes place all play a role to determine whether the 

students would remain or depart. 

Louw (2005) built on the Tinto model by identifying eight indicators in the academic 

dimension and four indicators in the social dimensions which potentially influence student 

departure from tertiary-level studies. The academic indicators include, amongst others, unclear 

study goals, low levels of motivation, inability to adjust academically (due to the difference 

between expectations at schooling and higher education levels), language difficulties, incorrect 

programme and subject choices, as well as difficult and complex learning materials. On the 

other hand, the social-dimension indicators include students’ involvement in unhealthy social 

activities (e.g. partying); ineffective and inefficient time management; inadequate financial 

provision, facilities and accommodation; insufficient institutional information to students. 

The Wenger (1998) social theory of learning is based on four interconnected and mutually 

defining components: learning as belonging, learning as becoming, learning as experience and 

learning as doing. The theory also asserts the importance of the concept ‘community of 

practice’, which is a way of talking about how learning changes who people are, as well as 

creating personal histories of becoming in the context of their communities.  

Lastly, the education production function measures outcomes (e.g. student’s final mark 

in a course) based on various inputs that can be distinguished into the following categories 

(Siegfried and Fels, 1979): student characteristics (e.g. demographic and geographic 

characteristics, students’ motivation and ability), home characteristics (e.g. socio-economic 

status, parents’ education, parenting style, household income), school characteristics (e.g. 

school infrastructure and resources, per-student expenditure, teachers’ experience and quality) 

and student effort (e.g. class attendance). If the university offers interventions to the at-risk 

students and these students attended the additional classes and wrote the additional 
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assessments, the intervention mechanisms would fall under both the school characteristics and 

student effort categories. 

 

Review of Past Empirical Studies 
South African Studies 
Zulu (2008) interviewed 100 lecturers and 500 first-year students at a historically black 

university to find out factors influencing students’ academic success at the end of their first-

year studies. The results showed that both internal and external factors explained student 

failure. The former factors related to the students themselves, such as not attending classes, late 

submission of assignments and even missing assessments, laziness and failure to study, 

inadequate preparation for assessments, not consulting lecturers, as well as struggles to balance 

academic commitments and social life. External factors accounting for students’ academic 

struggles included heavy academic workload, poor teaching, lecturer absenteeism, not getting 

timely and sufficient feedback from lecturers, as well as a congested examination timetable. 

McGhie (2012) also investigated key drivers influencing academic success of first-year 

students at another historically black university, with the aid of the case studies approach. A 

total of 40 students were interviewed; half of them failed at least one coursework module and 

the other half passed all modules. Focusing on the former group of students, the author 

identified numerous personal, academic, social and institutional factors that accounted for their 

lack of academic success. Personal factors included accommodation, finance and family 

support, while academic factors related to struggles to transition from high school to university, 

poor time management, laziness, low class attendance, heavy workload, language medium of 

instruction was not the same as their home language, as well as part-time work. Social factors 

were related to making the wrong new friends and suffering negative peer pressure, whereas 

institutional factors were in connection with large class size as well as insufficient resources 

such as computers and library books on campus. 

Murray (2014) investigated factors that affected undergraduate graduation and dropout 

rates at the University of KwaZulu-Natal. The findings showed that African male students were 

more likely to eventually drop out of studies, whereas female white students had a greater 

graduation incidence rate. It was also found that receipt of financial aid helped students 

graduate quicker in terms of getting the number of required credit points that they had to repeat, 

but also helped others who would eventually be academically excluded to linger longer in the 

system. 

Lewin and Mawoyo (2014) conducted interviews with 32 people, who were heads of 

academic units, institutional planners or higher education experts, to understand the required 
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academic interventions to improve student success. Numerous factors were identified as 

important, such as learning and teaching (e.g. tutoring, supplemental instruction, support for 

writing, literacy and numeracy, extended curriculum programmes), social support 

(psychosocial support and mentoring on students), as well as transition, admission and first-

year experience. In a similar study, Mthimunye and Daniels (2019) interviewed seven 

education experts to identify areas for intervention and improvement of undergraduate nursing 

students at a historically black university; these areas included finance, English language 

support, class attendance, university residence, as well as selection of quality prospective 

students. 

Five local studies specifically focused on the at-risk students. First, Mngomezulu (2014) 

conducted focus group and interviews on at-risk students who took part in the academic support 

programs which included academic counselling, peer-to-peer mentoring and referral systems. 

The results showed that numerous academic and non-academic factors caused the students’ at-

risk status. These factors ranged from poverty and poor living conditions, incorrect selection 

of modules, poor time management skills and struggle to adapt to English teaching medium. 

Nonetheless, the student participants perceived the intervention support as beneficial. Next, 

Mayet (2016) used personal interviews and evaluation forms to investigate the impact of 

support mechanisms offered by a university’s Learning Development Unit on the at-risk 

students. The study found that these mechanisms significantly improved students’ learning and 

study skills as well as coping mechanisms. In particular, the students indicated the workshops 

and trainings on note-taking skills, study skills and time management were most useful. 

Cassells (2018) investigated the impact of the early warning system in a module with a 

high failure rate at the University of Pretoria. After analysing student academic success data 

over three years, the results showed that students who were at the highest risk of failing the 

module benefited most from the early warning system and corresponding tutorial classes. In 

fact, the at-risk students who attended these additional classes attained a summative grade on 

average eight percentage points higher, compared with the other students who did not take part 

in this system and tutorial classes. 

Lastly, Van Zyl et al. (2020) examined the effectiveness of the Integrated Student Success 

Initiative (ISSI) on at-risk students at the University of Johannesburg. The author found that 

the academic performance of first- and second-semester modules that were exposed to the ISSI 

improved by 3.1 per cent and 3.4 per cent on average, respectively. In addition, all but two 

modules that participated in the ISSI attained a pass rate of at least 60 per cent. In particular, 

most of the second-semester modules attained a pass rate of over 90 per cent after being 

exposed to the ISSI interventions. 
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International Studies 
Ozga and Sukhnandan (1998) interviewed 200 students to find out the reasons for their non-

completion of undergraduate studies at a UK university. The key reasons included, amongst 

others, lack of preparedness for university studies, use of inaccurate and outdated information 

to inform choices about institutions and programmes, acceptance of paid work opportunities, 

and both institutional (e.g. geographical location of the university) and course incompatibility 

(e.g. course content did not live up to students’ expectations). Next, Beck and Davidson (2001) 

interviewed 550 first-year Psychology students at a USA university to capture information on 

six indicators relating to their study habits and relationship with the lecturers. Two indicators 

– academic efficacy (students’ personal doubt about whether they are university materials) and 

academic apathy (students merely worked just hard enough to get the required grade) – stood 

out to identify students who were at great risk of getting poor grades in the course. 

Wilson and Lizzio (2008) examined the impact of first-assessment first-feedback (FAFF) 

intervention on at-risk first-year students who either failed or marginally passed their first piece 

of assessment at an Australian university. The FAFF intervention involved completion of a 

reflective workbook to help students better identify improvement goals and strategies, as well 

as an intensive discussion between students and tutors which concluded with action planning. 

The findings showed that the intervention was a success, as 60 per cent of students who 

participated passed the course compared to only 24 per cent in the non-intervention comparison 

group. The tutors also indicated that the FAFF process consolidated their relationship with 

struggling students and established effective self-regulation and help-seeking norms with them. 

In a similar study, Porter and Parkinson (2010) examined at-risk first-year students who 

failed or barely passed an early piece of formative assessment at another Australian university. 

The at-risk students were asked to complete a reflective workbook and engaged in an intensive 

academic planning discussion with their tutors. The results indicated that 81 per cent of students 

who took part in the intervention passed their examination, compared with only 51 per cent 

amongst students who did not participate in the intervention activities. 

Tower et al (2015), focusing on an Australian case, used numerous indicators to identify 

at-risk students for early intervention, and found that attendance at orientation, access to the 

blended learning site by the second week of the semester, attendance of face-to-face tutorials 

in the first two weeks, as well as submitting and passing the first assessment were associated 

with greater likelihood of passing the subject overall. Next, Zhang et al. (2014) investigated an 

early intervention program which involved counselling and advising to at-risk students at a 

USA university, with these students being distinguished as those with failing mid-term grades 

(below C symbol). The authors found that at-risk students who received additional advising 
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were significantly more likely to pass the course. However, students’ prior Grade Point 

Average still played a significant role on their academic performance. 

In the study done by Bevitt, Bladwin and Calvert (2010) on the School of Biomedical 

Sciences at a UK university, at-risk students were identified as those who failed the mid-

semester test or those who missed more than 20 per cent of high-stake classes. Both groups of 

at-risk students were subsequently referred to the support mechanisms, ranging from 

counselling for mental health support and financial advice offered by the student finance centre, 

to additional classes at the language centre and meetings with general practitioners to discuss 

health-related problems. The empirical findings showed that early intervention strategy was 

associated with increased class attendance and subsequently better academic performance of 

the at-risk students. In particular, those with 100 per cent class attendance rate attained an 

average final mark of 71 per cent, compared with only 51 per cent average final mark for 

students with below 70 per cent attendance rate. 

Espinoza and Genna (2021) tested the effectiveness of learning analytics early 

performance feedback system at a USA university. The at-risk students, identified as those who 

did not perform well early in the semester, received a message from the lecturer expressing 

concern about their initial academic performance. The lecturers subsequently sent specific 

messages to the students by providing timely feedback to them about the results of their 

assessments. The empirical findings indicated the at-risk students who were exposed to the 

intervention were more likely to pass but less likely to withdraw from the course, compared to 

students who were not exposed to the intervention. One notable finding is that the probability 

of the intervention group getting an A-symbol final mark increased by 9 per cent. 

Jayaprakash et al.’s (2014) study yielded similar results to that of Espinoza and Genna 

(2021).  They found that most of the at-risk students who responded to the early warning 

message and received guidance on what they could do to improve academic success improved 

their academic performance. In addition, these students received another message that 

encouraged them to participate in the institution’s Online Support Environment course in which 

they were given access to additional learning materials. The empirical findings showed that at-

risk students who participated in the intervention activities attained six percentage points higher 

in the course under investigation, compared with those who did not take part. Also, almost all 

students improved their academic performance in the course after only one intervention, 

whereas the remaining few students who did not improve academically after the first 

intervention eventually showed improvement after the second or third intervention. 

Finally, a study conducted by Macakova and Wood (2022) based on the participation of 

203 students from various universities in the UK, highlighted the influences into academic 
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achievement of university students. Based on implicit theories of ability the study found that 

academic achievement could be explained through self-efficacy and basic psychological needs 

satisfaction (BPNS) (2022: 264-266). Self-efficacy refers to an individual’s belief in their own 

abilities. In the context of the study therefore, self-efficacy referred to students who believed 

in their ability to succeed and considered themselves “able individuals.” The findings found 

that students with this mindset were successful. This is contrary to individuals who considered 

themselves to have less ability, and therefore were not able to influence their academic 

outcomes. BPNS refers to needs of competency, relatedness and autonomy. Competence, with 

its focus on ability to perform; relatedness referring to connections to others; and autonomy 

representing the need to control one’s own life; are considered key aspects that drive self-

efficacy. Given the study findings, interventions introduced earlier rather than later in the 

academic year can assist students to overcome beliefs of inability and facilitate the achievement 

of academic outcomes (Macakova and Wood, 2022). 

 

METHODS AND DATA 
Interventions at UWC’s EMS Faculty 
The University of the Western Cape (UWC) was established in 1960. It is regarded as a 

historically Black and disadvantaged university. UWC is one of the 12 universities in the 

country being classified as a traditional university that offers theoretically-oriented diplomas 

and degrees, with an aim to be a research-led university in-line with the institutional operating 

goals. There are seven faculties at the institution, and the modules under study are offered by 

the Faculty of EMS. In this faculty, numerous three-year mainstream programmes as well as 

the four-year extended curriculum programmes (ECPs) are offered at the undergraduate level. 

The faculty also hosts Postgraduate Diplomas, Honours, Masters and Doctoral programmes. 

In 2017, the Learning and Teaching Specialist of the Faculty conducted an assessment of 

four first-year ECP high-priority modules (HPMs). The findings revealed high failure and 

attrition rates in all four modules. An interesting observation was that the high failure and 

attrition rates were not isolated to the quantitative modules, but included a qualitative module, 

namely Academic Literacy for Business (ALB). This contradicted the assumption that students 

registered for the B.Com qualification (either the three-year or four-year track) primarily 

struggle with quantitative modules. However, since most of the HPMs identified were 

quantitative in nature, the study will examine the interventions introduced for these modules 

only. 

The report was later shared with the Dean and Faculty Manager and it was agreed that it 

was necessary to introduce some form of intervention in response to the findings of the 
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assessment. During these discussions, the Faculty Manager suggested including two modules 

from the B.Com (three-year track), given the high failure and attrition rates in these modules. 

The intervention was dependent on the early identification of students at risk of failing the 

module or prematurely terminating the module. Lecturers responsible for these modules were 

requested to develop an intervention that would focus on content that the students at risk 

struggled with. The intervention would be facilitated by the lecturer and would be additional 

to tutorials. The idea of involving the lecturers in facilitating the intervention was influenced 

by the success of the Thuthuka Programme funded by the South African Institute for Chartered 

Accountants (SAICA). Lecturers are involved in facilitating the tutorials to students. This 

programme has yielded positive outcomes in terms of student success in the B.Com 

(Accounting) programme. 

As far as the intervention mechanisms are concerned, following numerous meetings 

amongst the various stakeholders in the faculty (e.g. module coordinators, lecturers, Learning 

and Teaching Specialist), it was decided to provide additional academic support to the students 

(with specific focus on the prescribed topics that the at-risk students struggled), and they 

included, amongst others, additional lectures, special revision classes, more in-class exercises, 

and increased consultation hours to the struggling students. 

The introduction of the intervention did not come without some challenges, as various 

structural and logistical constraints impacted its implementation. First, the intervention 

required additional time from the academics. Staff had to be consulted on the rationale for 

introducing the intervention, in addition to the tutorials already facilitated by senior students. 

Consequently, faculty engagement had to be carefully managed to ensure that the intervention 

was perceived as a valuable addition. Second, the intervention’s effectiveness depended on the 

timeous uploading of continuous assessment marks. Since the intervention aimed to support 

students based on their academic progress, any delays in mark submissions created difficulties 

identifying and assisting at-risk students In some instances, follow-up requests were necessary 

to ensure that marks were uploaded on time, adding an additional layer of administrative 

responsibility to the process, particularly when multiple academic and administrative staff were 

involved in the mark administration process.  

Third, there were no additional human resources or financial support. The intervention 

did not come with dedicated funding or staffing, which meant that the workload associated 

with the implementation had to be absorbed by existing faculty staff. The faculty leadership 

remained steadfast in its commitment to the intervention initiative and exploring alternative 

solutions to address the resource constraints. Overall, the role of faculty leadership was crucial 

to the intervention implementation and its ability to overcome structural challenges. Through 
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proactive engagement and communication, the faculty leadership facilitated a smoother 

adoption of intervention initiative and ensured that the academic staff involved remained 

committed despite the constraints. 

In the 2023 academic year, there was a total of six high-priority modules, namely ALC131 

Academic Literacy for Commerce, QSC131 Quantitative Skills for Commerce, ALB131 

Academic Literacy for Business, QSF131 Quantitative Skills Foundation, IEB133 Introduction 

to the Economy and Business, as well as QLC141 Quantitative Literacy for Commerce. The 

last four modules are only offered to the four-year ECP students, while all six modules are 

offered to both three-year and four-year program students. However, the ECP students are 

required to pass some prerequisite modules before they could proceed to enrol ALC131 and 

QSC131. In this study, we focus on two modules, namely QSC131 and QSF131 (to be 

explained in greater detail below). 

 

Methods and Data 
The earlier discussed 1979 Siegfried and Fels education production function approach is 

employed in this study. This function measures outcomes based on various inputs. Outcomes 

vary from measurement of learning, student attitudes, impact of understanding on behaviour 

and distribution of benefits, whereas learning inputs are distinguished into numerous 

categories: student input, faculty input, college/university environment and student effort. 

We adapt these categories as follows in this study: the two outcome variables are the final 

mark (MARKS, a continuous variable) and pass status (PASS, a binary variable which is equal 

to one if the student passed the module but zero otherwise) of each module. We include various 

groups of explanatory variables; first, person-level characteristics (P), such as age, gender and 

ethnicity. Secondly, school-level characteristics (S) are included, such as Matric subjects and 

entry points. For detailed explanation of these entry points, refer to UWC (2023: 42). 

University-level characteristics (U) represent the third group of characteristics, such whether 

the students stayed at campus residence and the programs they enrolled. 

Moving on to other explanatory variables, the fourth group of characteristics relate to 

class attendance (L). In this study, we will use the students’ iKamva (the university’s online 

learning management system) course site frequency as proxy of class attendance. Lastly, a 

‘control’ variable (C) is included. It is a categorical variable that distinguishes various groups 

of students (to be explained below), depending on whether they are identified as at-risk 

students. In equations, means: students’ academic performance = f(P, S, U, L, C). 

In this study, we focused on the 2023 students from the two highly quantitative modules, 

namely QSC131 and QSF131. QSC 131 is part of the module offerings of the B.Com (three-
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year) mainstream programme. QSF 131 is part of the module offerings of the B.Com (ECP). 

Quantitative Skills Foundation has to be completed by students enrolled in the ECP before they 

are able to enrol for the Quantitative Skills for Commerce. Therefore, it made sense that we 

focus on these two modules given the articulation pathways from one to the other. Moreover, 

students generally struggle with highly quantitative modules. We based our study on the 2023 

cohort since this was the year that the university returned to “normal,” with far more in-person 

lectures than during the lockdown years. 

With regard to QSC131, there were 816 students total in 2023. It is a continuous-

assessment-only module (i.e. students were not required to write the final examination). The 

module consisted of two term tests and five tutorial tests. On the contrary, there were 168 

students in total enrolled for the QSF131 module in 2023. During the semester before the final 

examination, the module consisted of two term tests, two class tests and three assignments. 

 

In QSC131, students were distinguished into four groups: 

Group [1]: Those who were not identified as at-risk students at all. 

Group [2]: At-risk students who failed both the first and second tutorial early in the semester. 

Group [3]: At-risk students who failed the first term test midway through the semester. 

Group [4]: At-risk students who failed the second term test towards the end of the semester. 

 

The QSF131 students were distinguished into three groups: 

Group [A]: Those who were not identified as at-risk students at all. 

Group [B]: At-risk students who failed the first class test and/or first assignment. 

Group [C]: At-risk students who failed the second term test and/or third assignment. 

 

For students from the two modules under study, two types of regressions will be conducted. 

First, the Ordinary Least Squares (OLS) regression on the final mark (MARKS). The 

explanatory variables are as follows (reference category is shown in brackets, if needed): 

• Gender (Female) 

• Race (African) 

• Age in years and age in years squared 

• Matric English home language (first or second additional language) 

• Matric Mathematics (Mathematical literacy) 

• Matric Accounting (did not enrol the subject) 

• Matric Physical Sciences (did not enrol the subject) 
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• Matric entry points and entry points squared 

• Stayed at campus residence (did not stay at campus residence) 

• Total number of enrolment years 

• Total iKamva course site visit frequency 

• Program (BCom General – only for the QSC131 regression) 

• At-risk category (Group [2] for the QSC131 regression and Group [B] for the 

QSF131 regression) 

 

Probit regressions are also conducted to find out the impact of the above-mentioned 

explanatory variables on the probability of students passing the module. In a probit regression, 

the dependent variable (PASS) is binary, which is equal to either zero (failed the module) or 

one (passed the module). Moreover, both types of regressions are first conducted on all 

students, before they are re-run again by only including the at-risk students (that is, the not-at-

risk group [1] from QSC131 and group [A] are excluded). 

To complement the above empirical data analysis using secondary data, we also sent out 

an anonymous online 6-question survey to the QSC131 and QSF131 students to collect primary 

data on how they perceived the intervention activities as well as whether they needed other 

additional academic and non-academic support. In total, 15 per cent and 21 per cent of students 

took part in the survey, in each module under study. Ethics clearance of this research study was 

obtained from the university’s Humanities and Social Sciences Research Ethics Committee in 

March 2024. Lastly, one limitation of the study is that data on at-risk students’ additional 

classes’ attendance frequency is not available. 

 

EMPIRICAL FINDINGS 
Descriptive Statistics 
Table 1 shows that 46 per cent of QSC131 and 30 per cent of QSF131 students were identified 

as at-risk students in 2023. For QSC131, the group [4] at-risk students’ share was the highest 

(27.9%) while the group [B] share was the greatest (22.6%) in the case of QSF131 students. 

Next, the female share was more dominant in groups [2] and [3] in QSC131 as well as group 

[C] in QSF131. Furthermore, the African share was higher (about 70%) in groups [2] and [3] 

in QSC131 and groups [B] and [C] in QSF131. 
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Table 1: Students’ personal and university characteristics (%, unless stated otherwise) 

 
QSC131 QSF131 

[1] [2] [3] [4] All [A] [B] [C] All 

Number          
Number 441 71 76 228 816 117 38 13 168 
Share 54.0 8.7 9.3 27.9 100.0 69.6 22.6 7.4 100.0 
Gender          
Male 49.4 39.4 43.4 57.9 50.4 32.5 50.0 46.2 37.5 
Female 50.6 60.6 56.6 42.1 49.6 67.5 50.0 53.9 62.5 
 100.0 100.0 100.0 100.0 100.0 100.0 100.0 100.0 100.0 
Ethnicity          
African 70.1 70.4 68.4 63.2 68.0 53.0 68.4 69.2 57.7 
Coloured  26.8 29.6 27.6 32.0 28.6 43.6 29.0 23.1 38.7 
Indian 2.7 0.0 1.3 2.6 2.3 3.4 2.6 0.0 3.0 
White 0.5 0.0 2.6 2.2 1.1 0.0 0.0 7.7 0.6 
 100.0 100.0 100.0 100.0 100.0 100.0 100.0 100.0 100.0 
Age          
17-18 years 18.1 8.5 9.2 11.4 14.6 10.3 7.9 15.4 10.1 
19 years 45.1 38.0 26.3 45.2 42.8 40.2 26.3 53.9 38.1 
20 years 21.8 28.2 39.5 28.1 25.7 26.5 26.3 7.7 25.0 
21 years 7.0 8.5 18.4 11.4 9.4 14.5 18.4 15.4 15.5 
22 years or above 7.9 16.9 6.6 4.0 7.5 8.5 21.1 7.7 11.3 
 100.0 100.0 100.0 100.0 100.0 100.0 100.0 100.0 100.0 
Home language          
Afrikaans 3.2 1.4 4.0 4.0 3.3 5.1 10.5 30.8 8.3 
English 37.0 31.0 30.3 43.9 37.8 46.2 23.7 7.7 38.1 
Xhosa 23.6 39.4 40.8 26.3 27.3 22.2 36.8 38.5 26.8 
Zulu 11.3 9.9 9.2 11.0 10.9 12.8 15.8 0.0 12.5 
Other African languages 22.9 16.9 13.2 14.0 19.0 13.7 7.9 23.1 13.1 
Bilingual 2.0 1.4 2.6 0.9 1.7 0.0 5.3 0.0 1.2 
 100.0 100.0 100.0 100.0 100.0 100.0 100.0 100.0 100.0 
Staying at university residence          
Yes 15.2 5.6 13.2 13.6 13.7 12.8 7.9 0.0 10.7 
No 84.8 94.4 86.8 86.4 86.3 87.2 92.1 100.0 89.3 
 100.0 100.0 100.0 100.0 100.0 100.0 100.0 100.0 100.0 
University program          
BCom General 41.3 22.5 23.7 43.9 38.7 

N/A 
BCom Financial Accounting 18.8 12.7 6.6 6.6 13.7 
BCom Information Systems 15.2 5.6 2.6 4.8 10.3 
BCom Law 12.2 11.3 4.0 13.6 11.8 
BCom ECP 7.0 29.6 40.8 26.3 17.5 100.0 100.0 100.0 100.0 
Other 5.4 18.3 22.4 4.8 8.0 N/A 
 100.0 100.0 100.0 100.0 100.0 100.0 100.0 100.0 100.0 
Number of years of enrolment          
One year 90.0 59.2 46.1 69.7 77.6 86.3 57.9 92.3 80.4 
Two years 9.1 38.0 42.1 26.3 19.5 12.8 31.6 7.7 16.7 
Three or four years 0.9 2.8 11.8 3.9 2.9 0.9 10.5 0.0 3.0 
 100.0 100.0 100.0 100.0 100.0 100.0 100.0 100.0 100.0 
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The proportions represented by students aged 20 years or above were greater in the at-risk 

groups in both modules. Also, for the at-risk groups from both modules, a relatively lower 

proportion of students reported they stayed at campus residence. Whilst all QSF131 students 

came from the BCom ECP (100% share), focusing on QSC131, the non-risk group [1] as well 

as at-risk group [4] (who were identified as at-risk students only towards the end of the 

semester) had the BCom three-year students representing the greatest share (41.3% and 43.9% 

respectively), but for at-risk groups [2] and [3], the proportion coming from BCom ECP four-

year students was the greatest (29.6% and 40.8% respectively). These findings suggest that 

BCom ECP students were more likely to be identified as at-risk students in QSC131 early in 

the semester. Lastly, in general the at-risk groups from both modules were associated with 

longer enrolment years. This finding suggests the at-risk students might have repeated some 

modules they failed in their earlier years of studies at the institution. 

 
Table 2: Students’ Matric characteristics 

 
QSC131 QSF131 

[1] [2] [3] [4] All [A] [B] [C] All 

Matric subjects          
Accounting 54.2 43.7 51.3 45.2 50.5 69.2 50.0 76.9 65.5 
Business Studies 45.1 57.7 75.0 46.9 49.5 66.7 65.8 76.9 67.3 
Economics 24.9 38.0 43.4 25.4 27.9 35.0 39.5 53.8 37.5 
Life Sciences 52.8 50.7 36.8 50.4 50.5 41.9 42.1 23.1 40.5 
Physical Sciences  60.1 33.8 21.1 47.8 50.7 29.9 23.7 23.1 28.0 
English Home Language 64.4 40.8 50.0 67.1 61.8 76.9 57.9 38.5 69.6 
Mathematics 90.9 57.7 42.1 74.1 78.8 91.5 68.4 92.3 86.3 
Entry points          
Below 35 points 9.1 16.9 10.5 13.2 11.0 10.3 10.5 30.8 11.9 
35‒39 points 28.1 21.1 23.7 32.0 28.2 47.9 39.5 30.8 44.6 
40‒44 points 40.1 39.4 40.8 33.3 38.2 34.2 36.8 30.8 34.5 
45 points or above 22.7 22.6 25.0 21.5 22.6 7.7 13.2 7.7 8.9 
 100.0 100.0 100.0 100.0 100.0 100.0 100.0 100.0 100.0 
Mean (number of points) 41.0 40.6 41.1 40.4 40.8 38.7 39.4 38.2 38.8 

 
 

Table 2 presents the students’ Matric characteristics across the at-risk categories in both 

modules. In both modules, it was found that a lower proportion of students from the at risk 

groups (groups [2], [3] and [4] in QSC131 and groups [B] and [C] in QSF131) enrolled for 

Physical Sciences, English Home Language and Mathematics, compared with the non-risky 

groups (group [1] in QSC131 and group [A] in QSF131). On the other hand, it is interesting 

that the mean Matric entry points were highly similar across the various groups in both 

modules. In addition, whilst not shown in the table, the at-risk students identified early in the 
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semester were associated with lower English Home Language mean entry points (it was only 

about 6.5, compared with the mean of 7.2 for those who were not at risk as well as 7.1 for those 

who were only identified as at-risk students at the end of the semester (or groups [4] and [C]).  

Moving on to Figure 1, the mean iKamva course site visit frequency (the ‘proxy’ of 

lecture attendance) was the highest in the non-risky group [1] (111.6) in QSC131, but it was 

the lowest in group [3] (80.7). Similarly, this mean was the highest in the non-risky group [A] 

(62.8) in QSF131, but it was the lowest in group [B] (42.4). These findings imply higher 

iKamva course site visit frequency was associated with lower probability of being identified as 

at-risk students.  

 
Figure 1: Mean iKamva course site visit frequency of each group of students in each module 

 
 

Table 3 and Figure 2 show the pass rate statistics of the two modules under study. In QSC131, 

the pass rate was the highest in group [1] (95.5%) but was the lowest in group [3] (only 7.9%). 

In fact, the pass rate was also quite low in group [2] (21.1%) but much higher in group [4] 

(62.7%). Moving on to QSF131 results, the pass rate was the highest in group [A] at 94.9 per 

cent, followed by group [C] (76.9%) and this rate was the lowest in group [B] (52.6%). 

Looking at all three at-risk groups in QSC131, the overall pass rate was 43.7 per cent 

compared to 95.5 per cent amongst the not-at-risk students. On the other hand, upon examining 

the two at-risk groups altogether in QSF131, the overall pass rate was 58.8 per cent, compared 

to 94.9 per cent amongst the not-at-risk students. These findings imply the probability of 

passing the two modules remained much higher amongst the students who were not identified 

as at-risk during the whole semester. 
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Table 3: Students’ pass rate characteristics 

 
QSC131 QSF131 

[1] [2] [3] [4] All [A] [B] [C] All 

Pass: 75-100% 29.7 0.0 0.0 0.0 16.1 4.3 0.0 0.0 3.0 
Pass: 70-74% 13.2 1.4 0.0 0.4 7.4 15.4 0.0 0.0 10.7 
Pass: 60-69%) 34.0 7.0 0.0 14.9 23.2 48.7 7.9 23.1 37.5 
Pass: 50-59% 18.6 12.7 7.9 47.4 25.1 26.5 44.7 53.9 32.7 
Fail: 0-49% 2.0 78.9 92.1 37.3 27.0 1.7 39.5 15.4 11.3 
Fail: Absent 2.5 0.0 0.0 0.0 1.4 3.4 7.9 7.7 4.8 
 100.0 100.0 100.0 100.0 100.0 100.0 100.0 100.0 100.0 
Pass rate 95.5 21.1 7.9 62.7 71.7 94.9 52.6 76.9 83.9 

 
Figure 2: Pass rate of each group of students in each module 

 
 

Next, Table 4 presents the correlation coefficients between iKamva course site frequency and 

final mark in each module, by at-risk group category. The results show that the correlation 

coefficient was the highest for the at-risk groups [2] and [B] identified early in the semester. 

Thus, this finding once again suggests the importance of at-risk students regularly visiting the 

online course site (with interventions being offered as additional academic support, these 

students would enjoy better academic success in the two modules). 

 
Table 4: Correlation coefficients between iKamva course site frequency and final mark 

 Not at-risk At-risk  
 [1] [2] [3] [4] All 
QSC131 0.3554 0.5973 0.3965 0.0595 0.3581 
 [A] [B] [C]  All 
QSF131 0.3527 0.4057 0.1434  0.3107 
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To conclude the secondary data analysis, Tables 5 and A1 show the results of multivariate 

regressions. The regressions in Table 5 include all students whereas those in Table A1 only 

include at-risk students. First, looking at the OLS regressions on final mark of all students and 

focusing on the statistically significant results, QSC131 students who enrolled for Mathematics 

in Matric obtained nearly seven marks higher than those who enrolled for Mathematical 

Literacy, after controlling for differences in other characteristics. Moreover, those who enrolled 

for English Home Language, Accounting and Physical Sciences also performed significantly 

better (by more than 2.5 marks), ceteris paribus. Also, higher iKamva course site frequency led 

to better academic performance. Furthermore, comparing with the reference at-risk group [2], 

the non-risky group [1] obtained more than 26 marks higher on average, whereas the risky 

groups [3] and [4] obtained 3.5 and 14.5 marks higher on average respectively, ceteris paribus. 

Moving on to the QSF131 OLS regression on final mark, first, males performed 

significantly worse (about five marks lower on average) than females, whereas Coloured, 

Indian and white students performed significantly better than African students, ceteris paribus. 

Next, students who enrolled for English Home Language in Matric performed significantly 

better (final mark was 5.3 marks higher on average, compared with those who enrolled for 

English first or second additional language). Furthermore, just like what happened in QSC131, 

higher iKamva course site frequency was associated with a higher final mark. Lastly, the non-

risky group [A] obtained 8.7 marks significantly higher on average, compared to the reference 

category (group [B]). 

As far as the statistically significant results of probit regressions are concerned by 

considering all students, for QSC131, after controlling for differences in other characteristics, 

students who enrolled for Matric Mathematics and Accounting were 19.3 per cent and 6.7 per 

cent more likely to pass the module, respectively. An additional visit on the iKamva course site 

was associated with 0.2 percentage points increase in the probability of passing the module. 

Furthermore, compared with the at-risk group [2], students from groups [1] and [4] were 61.4 

per cent and 22.4 per cent more likely to pass the module, respectively, whereas group [3] 

students (i.e. those who were identified as at-risk students only midway through the semester) 

were 17.2 per cent less likely to pass the module. For the QSF131 probit regressions, only two 

explanatory variables came through as statistically significant. First, ceteris paribus, students 

who enrolled for Matric English Home Language were 21.5 per cent more likely to pass the 

module. Secondly, compared with at-risk group [B] students, the non-risky group [A] students 

were 28.8 per cent more likely to pass the module. 
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Table 5: Multivariate regressions, including all students 

 

OLS regression on final 
mark 

Probit regression on 
probability of passing the 
module (marginal effects) 

QSC131 QSF131 QSC131 QSF131 

Gender: Male 1.274 -4.922** 0.049 -0.079 
Race: Coloured 0.272 4.443* -0.036 0.056 
Race: Indian or white 1.688 9.671* 0.061 -0.221 
Age in years -2.637 2.654 -0.019 0.004 
Age in years squared 0.037 -0.114 0.000 0.135 
Matric English Home Language 2.564*** 5.292** 0.058 0.215** 
Matric Mathematics 6.950*** 6.889 0.193** 0.027 
Matric Accounting 2.908*** 1.686 0.067* -0.025 
Matric Physical Sciences 2.909*** 1.152 0.016 0.007 
Matric entry points 1.314 0.041 -0.008 0.000 
Matric entry points squared -0.010 0.004 0.000 -0.071 
Stayed at campus residence 0.989 2.322 -0.074 0.091 
Total number of enrolment years -0.262 0.595 -0.078 0.001 
Total iKamva course site visit frequency 0.078*** 0.089*** 0.002** -0.079 
Program: BCom Accounting 1.981  0.077  
Program: BCom Information Systems 0.777  -0.046  
Program: BCom Law -3.293**  -0.072  
Program: BCom ECP -0.767  -0.047  
Program: Other -1.822  -0.110  
QSC131 at-risk category: Group [1] 26.236***  0.614***  
QSC131 at-risk category: Group [3] 3.539*  -0.172*  
QSC131 at-risk category: Group [4] 14.569***  0.224***  
QSF131 at-risk category: Group [A]  8.711***  0.288*** 
QSF131 at-risk category: Group [C]  0.706  0.048 
Constant 21.055 18.492   

 
Number of observations 816 168 816 168 

R-squared 0.57 0.35  

Adjusted R-squared 0.56 0.28 
F statistic 47.49 5.08 
Probability > F statistic 0.00 0.00 
Observed probability 

  

0.72 0.83 
Predicted probability 0.83 0.92 
Pseudo R-squared 0.52 0.00 
Chi-squared statistic 501.80 0.00 
Probability > Chi-squared statistic 0.00 0.00 

Reference categories: Gender – Female; Race – African; Home language – Afrikaans; Program – 

BCom General (QSC131 regression only); At-risk category – Group [2] (QSC131 regression only) or 

Group [B] (QSF131 regression only) 
*** Significant at 1%  ** Significant at 5%  * Significant at 10% 

 

Lastly, Table A1 in the Appendix shows the findings of the OLS and probit regressions, after 

only including the at-risk students. First, none of the explanatory variables were statistically 
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significant in both regressions relating to QSF131, and this is not surprising because the sample 

size became extremely small (only about 50). Focusing on the results of the QSC131 

regressions, the OLS regression shows that at-risk students who were Indian or white, with 

Matric Accounting and Physical Science, with higher iKamva course site frequency, and 

coming from either at-risk groups [3] or [4] were associated with significantly greater final 

mark, after controlling for differences in other characteristics.  

As far as the QSC131 probit regression is concerned, the results suggest that at-risk 

Coloured students with longer enrolment years suffered significantly lower likelihood of 

passing the module, whereas students who enrolled for Matric English Home Language, 

Mathematics and Accounting as well as those with higher iKamva course site frequency 

enjoyed significantly greater probability of passing the module. Lastly, compared with at-risk 

group [2] (i.e. those who were identified as at-risk students early in the semester), students 

from group [3] were 20.5 per cent less likely to pass the module whereas students from group 

[4] were 35.6 per cent more likely to pass the module, ceteris paribus. Both findings were 

statistically significant. 

 

Survey Findings 

A total of 125 students from QSC131 and 36 students from QSF131 modules took part in the 

primary survey, that is, the respective response rates were 15 per cent and 21 per cent. Note 

that 40 of the 125 QSC131 survey participants reported they were not identified as at-risk 

students, while the corresponding number was 15 of the 36 QSF131 survey participants. For 

the remaining students who were identified as at-risk students and took part in the survey, Table 

6 shows that two-thirds of the QSC131 students self-reported they attended 90-100 per cent of 

the intervention activities, while this share was 62 per cent in the case of the QSF131. Also, 

about 20 per cent reported they attended 60-89 per cent of intervention activities. Thus, in 

general, the findings suggest high attendance of these intervention activities. 

 
Table 6: Students’ attendance in intervention activities (after excluding those who indicated they were 

not identified as at-risk students) 

 QSC131 QSF131 

All The time (100% attendance) 20.0 19.1 
Always (at least 90% attendance) 45.9 42.9 
Often (60%-89% attendance) 18.8 23.8 
Sometimes (30%-59% attendance) 9.4 4.8 
Rarely (1%-29% attendance) 2.4 4.8 
Never (0% attendance) 3.5 4.8 
 100.0 100.0 



Esau et al           Examining the impact of interventions on students’ academic success in two quantitative high-priority modules 
 

36 

Those with 0-99 per cent intervention activities’ attendance were asked to declare the reasons 

for not having 100 per cent attendance; Table 7 shows that for both modules, five reasons stood 

out as most dominant: Busy studying for tests; busy completing assignments; existing learning, 

teaching and assessment opportunities are sufficient; physical health problems; lack of money 

to travel to campus to attend face-to-face activities. 

 
Table 7: Reasons for not having 100 per cent attendance in intervention activities 

 QSC131 QSF131 

Lack of money to travel to campus to attend face-to-face activities 20.6 11.8 

Unable/Lack of internet connection to attend online activities 17.6 5.9 

Existing learning, teaching and assessment opportunities are sufficient 33.8 29.4 

Attendance in these activities was not compulsory 4.4 5.9 

Attendance in these activities did not count towards CAM 5.9 5.9 

Additional assessments did not count towards CAM 1.5 0.0 

Busy completing assignments 27.9 29.4 

Busy studying for tests 36.8 35.3 

Busy with work 7.4 11.8 

Preference to spend time to socialise with friends 2.9 0.0 

Family commitments / Domestic duties 5.9 0.0 

Physical health problems 23.5 11.8 

Anxiety / Mental health challenges 4.4 5.9 

Did not care about attending / Tendency to procrastinate 1.5 0.0 

Time clashes with other classes 7.4 5.9 

Simply not interested or not wanting to attend these activities 0.0 5.9 
Note: The respondent was allowed to choose more than one option. 
 

Table 8 shows that the majority of students thought the intervention activities were helpful, but 

the “tremendously” and “quite a lot” shares were higher in QSC131 (nearly 50% altogether); 

on the contrary, in QSF131, it is rather the shares of “to some extent” and “a little bit” being 

most dominant (67% altogether). Next, Table 9 shows that nearly half of QSC131 at-risk 

students said they coped very well or quite well with the intervention activities, but the 

corresponding proportion was lower at only 33 per cent when it comes to the QSF131 at-risk 

students. 
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Table 8: Usefulness of the intervention activities 

 QSC131 QSF131 

Tremendously 20.0 9.5 
Quite a lot 27.1 14.3 
To some extent 25.9 42.9 
A little bit 11.8 23.8 
Not helpful at all 4.7 0.0 
Unspecified 7.1 4.8 
Not applicable – 0% attendance 3.5 4.8 
 100.0 100.0 

 
Table 9: Extent of coping with the intervention activities 

 QSC131 QSF131 

Very well 14.1 4.8 
Quite well 35.3 28.6 
Okay 25.9 42.9 
Struggled at times 9.4 14.3 
Struggled frequently 4.7 0.0 
Unspecified 7.1 4.8 
N/A – 0% attendance 3.5 4.8 
 100.0 100.0 

 

Table 10 shows that over 62 per cent of QSC131 at-risk students said the intervention activities 

started right on time, but it was lower at 48 per cent for the QSF131 at-risk students. In fact, 

one-third indicated these activities started a bit late. These findings may partially explain why 

a lower proportion of the students said they coped very well or quite well with these activities 

in Table 8. The findings also suggest the importance to identify at-risk students and 

subsequently execute the interventions at the right time before it is too late. We are reminded 

of the Macakova and Wood (2022) study on implicit theories of ability. In this context, early 

interventions can contribute to the individual’s belief that he/she is able, ultimately leading to 

academic achievement. On the contrary, the introduction of interventions later in the academic 

year, can affect self-efficacy and render these interventions useless. 

 
Table 10: Whether the students thought the intervention activities started on time 

 QSC131 QSF131 
A bit too early 2.4 0.0 
Right on time 62.4 47.6 
A bit late 21.2 33.3 
Way too late 1.2 9.5 
Unspecified 9.4 4.8 
N/A – 0% attendance 3.5 4.8 
 100.0 100.0 
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Lastly, all survey participants – regardless of their at-risk status and whether they attended the 

intervention activities upon being classified as at-risk students – were asked to declare the other 

additional support they required. Table 11 shows that a relatively higher proportion of students 

(at least 40% - upon looking at all students from both modules) indicated they would like to 

receive additional support in these areas: time management skills (60.9%), career guidance 

(46.0%), mental health support (43.5%), mentoring (42.9%) and study skills (42.9%). The 

responses are generally in line with the empirical studies reviewed earlier (Bevitt et al. (2010), 

Lewin and Mawoyo (2014) and Mthimunye and Daniels (2019). These studies also found that 

students would have liked to receive additional support.  

 
Table 11: Other additional support required by the students 

 QSC131 QSF131 All 

Time management skills 66.4 41.7 60.9 
Career guidance 41.6 61.1 46.0 
Mental health support 42.4 47.2 43.5 
Mentoring 43.2 41.7 42.9 
Study skills 45.6 33.3 42.9 
Curriculum advice 37.6 44.4 39.1 
How to work well independently 36.0 36.1 36.0 
How to work well in groups 28.8 47.2 32.9 
Numeracy skills 29.6 27.8 29.2 
Peer group interaction 30.4 22.2 28.6 
Emotional support 24.0 33.3 26.1 
Note-taking skills 23.2 11.1 20.5 
English language proficiency 20.8 13.9 19.3 
Reading skills 16.8 5.6 14.3 
Writing skills 14.4 5.6 12.4 

Note: The respondent was allowed to choose more than one option. 
 

DISCUSSION 
Our study highlights the differences between students at-risk enrolled in the B.Com three-year 

and four-year programmes. One of the main differences relate to the four-year students being 

more likely to be identified as at-risk of failing QSC131 early in the semester. To this end, the 

literature relating to the introduction of an early warning system, accompanied by appropriate 

interventions, has relevance for student success. As observed by Cassells (2018), additional 

interventions such as tutorial classes can enhance the academic performance of students. 

Moreover, these interventions should incorporate both social and academic dimensions 

(McGhie, 2012; Lewin and Mawoyo, 2014; Mthimunye and Daniels, 2019; Van Zyl et al., 

2020). As reflected through Tinto’s student integration model student success encompasses 

both academic and social integration. 
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Another finding relates to students’ preparedness for university. We found that for 

QSC131 those students who passed Matric level Mathematics, English Home Language, 

Accounting and Physical Sciences performed significantly better in the module. On the other 

hand, more students from the at-risk groups across both modules had not been enrolled for 

Physical Sciences, English Home Language and Mathematics in Grade 12. These findings align 

to the earlier work of Ozga and Sukhnandan (1998) who found that non-completion of 

undergraduate studies at a UK based university was attributed to the lack of preparedness for 

university studies, amongst other things. Similarly, the literature points to the influence of 

course engagement after enrolling in university on student performance (Zulu 2008). The 

findings of our study reveal that the number of students who frequently visited the iKamva 

course site across QSC131 and QSF 131 were highest for the students not at-risk. To this end, 

the work of Zulu (2008) highlights student behaviours such as not attending classes and late 

submission of assignments as reasons explaining student failure.  

 

CONCLUSION 
More specifically, our study highlights two major issues related to interventions that support 

students at risk of dropping out or not successfully completing a module. First, that the timing 

of interventions is paramount. When considering at risk students across both modules, those at 

greater risk of not completing the module were those who either failed the second term test or 

the first class test or first assignment. Moreover, it appears the extent to which students were 

able to cope with the intervention activities may have been influenced by the timing of the 

intervention. As mentioned earlier, a higher percentage of students enrolled in QSC131 

responded that they coped well with the intervention activities and that these activities started 

on time. On the contrary, a lower percentage of students enrolled in QSF131 responded that 

they coped well and that the activities started a bit late. In this regard, our findings appear to 

align with studies that highlight the effects of an early warning system on student success 

(Porter and Parkinson 2010; Cassells 2018; Van Zyl et al. 2020). We are also reminded of the 

Macakova and Wood (2022) study on implicit theories of ability. In this context, early 

interventions can contribute to the individual’s belief that he/she is able, ultimately leading to 

academic achievement. On the contrary, the introduction of interventions later in the academic 

year, can affect self-efficacy and render interventions useless. 

Second, students face competing deadlines that make it difficult to participate in 

intervention activities. The submission of assignments and studying for tests may conflict with 

the time of an intervention. In addition, the lack of finances and or inability to connect online 

to participate in an intervention activity may result in students not being able to benefit from 
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an intervention. Not only does this require broad consultation about submission deadlines, etc. 

amongst academics involved in the teaching of modules across a programme and/or 

qualification. But it also requires consideration to infrastructure support necessary for the 

successful implementation of an intervention. Due consideration should also be given to factors 

beyond the control of students. These include physical and mental health problems, family 

trauma, etc. to facilitate greater inclusivity and opportunity for at risk students participating in 

intervention activities. As was highlighted through the study of Bevitt et al. (2010) broadly 

encompassing interventions that include consideration to both academic content and personal 

circumstances are more likely to result in an increase in class attendance, and improved 

academic performance. 

Third, regular class attendance (we use visits to the iKamva site as the ‘proxy’ variable) 

remained an important factor determining the at-risk students’ academic success. That is, 

interventions cannot be regarded as a “miracle pill” to help all 100 per cent at-risk students to 

pass. The interventions still matter and help the students to some extent, but other factors like 

high class attendance, Matric results and the other forms of non-academic support remain 

equally important. 

 

AREAS FOR FUTURE RESEARCH 
The study primarily relied on quantitative data to assess the impact of the interventions 

designed to improve student performance in the HPMs. Due to the high failure rate, level of 

difficulty or module pre-requisite programme rules for progression, these modules required 

targeted interventions. By using a quantitative approach to measure the students’ performance 

provided valuable statistical insights. 

A study on the subject matter using qualitative data may provide a richer contextual 

understanding and allow for a deeper exploration of the impact of interventions for HPMs. 

Therefore, a similar study could be conducted in the future, but from a qualitative data analysis 

perspective. 
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APPENDIX 
 
Table A1: Multivariate regressions, including at-risk students only 

 

OLS regression on final 
mark 

Probit regression on 
probability of passing the 
module (marginal effects) 

QSC131 QSF131 QSC131 QSF131 

Gender: Male -0.403 -5.108 0.022 -0.118 
Race: Coloured -1.514 3.974 -0.167* 0.220 
Race: Indian or white 4.546* 11.591 0.099 N/A 
Age in years -2.107 8.132 -0.138 -0.324 
Age in years squared 0.033 -0.271 0.003 0.006 
Matric English Home Language 1.365 8.419 0.160** 0.291 
Matric Mathematics 2.999 5.840 0.249* 0.605 
Matric Accounting 3.193*** -0.467 0.125* 0.059 
Matric Physical Sciences 2.988* 0.257 0.036 -0.199 
Matric entry points 1.461 -0.583 0.001 -0.146 
Matric entry points squared -0.012 0.014 0.000 0.002 
Stayed at campus residence -1.036 -17.872 -0.118 N/A 
Total number of enrolment years -0.541 0.069 -0.232* 0.206 
Total iKamva course site visit frequency 0.054*** -0.083 0.001* -0.003 
Program: BCom Accounting 4.050 1.787 0.168  
Program: BCom Information Systems -0.334 -9.376 -0.021  
Program: BCom Law 0.524 -5.108 0.019  
Program: BCom ECP -2.146 3.974 0.038  
Program: Other -4.322 11.591 -0.255  
QSC131 at-risk category: Group [3] 3.459**  -0.205*  
QSC131 at-risk category: Group [4] 15.656*  0.356***  
QSF131 at-risk category: Group [C]  8.132  0.200 
Constant 15.569 -0.271   

 
Number of observations 375 51 375 46 

R-squared 0.56 0.36  

Adjusted R-squared 0.53 0.10 
F statistic 21.35 1.29 
Probability > F statistic 0.00 0.26 
Observed probability 

  

0.44 0.61 
Predicted probability 0.35 0.62 
Pseudo R-squared 0.35 0.16 
Chi-squared statistic 182.59 9.59 
Probability > Chi-squared statistic 0.00 0.00 

Reference categories: Gender – Female; Race – African; Home language – Afrikaans; Program – 
BCom General (QSC131 regression only); At-risk category – Group [2] (QSC131 regression only) or 
Group [B] (QSF131 regression only) 
*** Significant at 1%  ** Significant at 5%  * Significant at 10% 
N/A – imperfect collinearity 
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